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T
Why the best HUMIES entrant?

1. The result 1s better than human competitive (criterion B).
* Proposed techniques outperform state-of-the-art benchmark algorithms.
* More automated, tailored, and flexible than human-designed controllers.

2. The result is publishable 1n 1ts own right (criterion D).
*  Work published top wireless networking journal.
* Publications in leading EC journals and conferences.
e Patent application.

3. The result 1s better than the most recent human-created solution to a long-
standing problem (criterion E).
* Proof of concept for Evolutionary Algorithms in this domain.

* Potential for major impact in multi-trillion dollar industry. ] ur compuns
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